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Peaks2Tails

ABOUT PEAKS2TAILS

Peaks2Tails is a global leader in Risk
Modelling, Quantitative Analytics, and
Financial Training, empowering banks
and financial institutions to stay ahead of
regulatory, technological, and market
shifts with insight, precision, and
innovation.

INDUSTRY
sy RECOGNITION

Aggarwal—both holders of the
prestigious FRM® (Financial Risk Manager)

and CQF® (Certificate in Quantitative We are proud to be

Fl.nonce.)—PeGkSQTa.lls was established recognized for our impact
with a singular goal: to bridge the gap

between theory and real-world and excellence:
implementation in financial risk
management.

Best Credit Risk
4

Training’Program
With operations across Singapore, Indiq,
and Southeast Asia, we specialize in

building deep technical capabilities for ? LiqUidity Risk

credit risk, market risk, and quantitative .
analytics teams across leading banks, Solution.of the Year

fintechs, and regulatory institutions.

These accolades reflect
our commitment to
delivering future-ready,
high-impact solutions and
training in the financial risk
domain.

i1

In today’s
fast-evolving
financial
landscape, risk is
not just a challenge
it's an opportunity.
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Peaks2Tails

WHAT WE OFFER

Training-

Our flagship programs are
designed for teams and
professionals looking to master
practical, tool-driven skills in
credit risk modelling, IFRS
9/CECL, Al/ML for finance, and
Python/R for risk. Delivered by
industry practitioners, our
training is rigorous, hands-on,
and tailored to current
regulatory and business
demands.

We|don't just
te O C h ri S k. We support institutions in

designing, validating, and
we h el o u operationalizing end-to-end risk
p y frameworks. From PD/LGD/EAD
o - models and scorecard
qud WIth It development to transition
o matrices, stress testing, and IRB
alignment—our solutions are

implementation-focused and
audit-ready.

Mentoring-

Through our long-term
mentoring engagements, we
help risk teams evolve from

spreadsheet-driven analysis to
explainable Al and automated
decisioning. Our mentoring
covers model governance,
validation readiness, and
capability building, ensuring
sustainable excellence.



Peaks2Tails

Mastering Credit Risk Modelling

225+ Hours | Excel + Python | End-to-End Implementation

At Peaks2Tails, we don't just teach credit risk—we architect mastery. Our Credit
Risk Modelling program is a comprehensive journey from loan origination to
regulatory capital calculation, designed for banking professionals who want to
lead with insight and innovation.

Foundational Clarity-

Understand the full loan lifecycle,
model categories (Scorecords,
Basel, IFRS 9, Stress Testing), and
hands-on data preparation
using our proprietary MENTOS
platform.

Loss Modelling, PD, LGD & EAD-

Model every aspect of credit loss
using cutting-edge methods:

» Survival Analysis, Tobit,
Fractional Logit for LGD

» Logistic Regression &
Machine Learning for PD

» Component-Based & CCF
Regression for EAD

Actuarial & CECL Techniques-

Explore Actuarial models (Cox,
APC, Bayesian), WARM, and
Snapshot/Open Pool methods
with Excel-driven hands-on
training.

Scorecard Development-

Build powerful Application and
Behavioural Scorecards. Go
beyond stats with policy rules,
overrides, reject inferencing, and
cut-off optimization techniques
using real-world mortgage data.

Basel & IFRS 9 Mastery-

Gain fluency in converting TTC to
PIT, term structure modelling,
transition matrices, and staging
assessments. Implement
end-to-end capital charge
calculations under the Basel IRB
and IFRS 9 regimes.

Wholesale & Low Default
Portfolios-

Model Transition Matrices and
address LDP challenges using
Pluto Tasche, Bayesian, and Van
Der Burgt approaches.
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© Stress Testing & Model
Validation-

Perform CCAR/DFAST
simulations, ARIMA/ARIMAX
modelling, and multi-regression
VECM models. Rigorously
validate scorecards, capital
models, transition matrices, and
IFRS 9 components using SR
11-07 checklists.

Peaks2Tails

Quant Meets Practical-

Price loans with RAROC, optimize
yields, and apply machine
learning (LDA, XGBoost, SVM,
Neural Nets) for advanced credit
analytics.

You will walk away with not just theoretical proficiency but also the practical
ability to implement, validate, and govern complex credit models across the

banking spectrum.

SCORES NORMALISATION

Score Normalization

Goal is to score the entire data set 2000
0Odds 72 : 1 is anchored at score 660 as per standard e
An increment of score 40 doubles the odds of not defaulting o

1200
So we have 1000
In (odds) = a + b * Score 50
In(72) = a + 660b 600
In(36) = a + 620b 00
Solving = 001732868 0

a= 716026236

Training + Testing Data Set

Score Distribution

N

As expected, the score is concentrated at high scores indicating low credit risk

Note that , we are able to derive scores from PD estimates
If softwares produce score as direct output, it's easy to backtrack PD using the sam

IRB in BASEL requires accounts to be mapped to a rating.
IFRS/CECL does not require mapping to a rating
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Peaks2Tails

Deep Quant Finance

200+ Hours | Excel + Python | From Theory to Trading Floors

Quantitative Finance is the language of the modern financial system—and we
teach it fluently. Peaks2Tails presents a rigorous, math-intensive program to
equip you with the quantitative, computational, and algorithmic skills required to
thrive in today’s data-driven markets.

© The Core Building Block - © Portfolio Science &
Optimization-
Start with a robust Math, Python

& Stochastic Calculus Primer, Understand Modern Portfolio

covering everything from Taylor
series and convex optimization
to Ito calculus and Girsanov's
theorem. Learn to simulate
stochastic processes and build
pricing engines from scratch.

Theory, Black-Litterman, CAPM,
and factor models. Master
robust optimization, dynamic
asset allocation, and statistical
arbitrage with real-world
implementation via Python

projects and Excel modelling.

© Derivatives: Theory to Practice- ©  Interest Rate & FX Derivatives-

» Equity Derivatives: Price
Vanilla, Barrier, American, and
Exotic options using Binomial
Trees, Black-Scholes, Finite construction. Dive into
Difference & Monte Carlo post-LIBOR RFR regimes (e.g,,
methods. SOFR), CCP basis adjustments,

and automatic differentiation for

sensitivity risk.

Price and manage Swaps,
Swaptions, FRASs, FX options, and
multi-currency curve

= Stochastic Models: Local &
Stochastic Volatility (SABR,
Heston), Jump Diffusions, COS
Method, Affine Jump
Processes.
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Credit Derivatives-

Model and value CDS, CLNs,

Basket products using structural

and reduced-form (intensity)
models. Learn Copula-based
dependency structures and
hazard rate calibration.

Artificial Intelligence in Finance-

Apply Al/ML to solve real quant

problems:

= Neural networks for
derivative pricing

XGBoost & Random Forest for

forecasting

LSTM for time series
prediction

Reinforcement Learning for

portfolio optimization
CNNss for volatility surfaces

LLMs in algorithmic finance
workflows

Stochastic Process Simulation
Dynamic Portfolio Optimization
Credit Risk Modeling with

Transition Matrices
Pricing Engines for Derivatives

Monte Carlo Engines for
Path-Dependent Options

SOFR-Based Interest Rate Curve
Construction

Al Models for Pricing, Risk, and
Allocation

Peaks2Tails

200+ hrs | Excel +
Python

Master derivatives,
portfolio optimization
& Al in finance through
advanced quant
techniques.
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Peaks2Tails
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Peaks2Tails

Market Risk & Counterparty Credit Risk

180+ Hours | Python + Excel | Built for Risk, Valuation & Capital
Experts

As global financial institutions align with evolving regulations like FRTB and
SA-CCR, risk professionals must master both the theoretical frameworks and
real-world execution of risk, pricing, and capital strategies. Peaks2Tails delivers a
powerful, end-to-end program built for Market Risk, CCR, and Regulatory Capital
functions.

© Python for Risk Modeling - © Core Market Risk Frameworks-
Start with foundational and Gain fluency in:
advanced Python
modules—then move into = Value at Risk (VaR) and
building custom classes for: Expected Shortfall (ES)

across asset classes
» Black-Scholes Pricing
= Taylor Series expansion &

» Monte Carlo Simulation for Sensitivity Algebra
VaR & XVA
= GARCH, EWMA, EVT, Copulas
» Sensitivity Engines for Vanilla for volatility & tail modelling
& Exotic Options

o FRTB Standardized & Advanced
Approaches -

Learn how to calculate capital
charges under:

= SA:Deltg, Vega, Curvature,
DRC for Equity, Rates, FX, and
Commodities

» IMA: IMCC, Backtesting, PLAT
Hands-on Excel & Python-based

projects for capital computation
and regulatory alignment.




Peaks2Tails

Derivative Valuation Deep Dive -

From Black-Scholes PDEs to
Term Structure Models like
Hull-White, CIR,
Vasicek—develop robust pricing
engines across:

= Interest Rate Derivatives:
Swaps, FRAs, Caps/Floors

=  FX Derivatives: Forwards,
Swaps, XCCy, Options

= Volatility Modelling: Local &
Stochastic Volatility, Dupire,
Greeks, Pathwise Sensitivities

Advanced Sensitivities &
Hedging -

Calculate fast Greeks and
sensitivities using:

=  Pathwise & Likelihood Ratio
Methods

» Tangent & Adjoint Modes for
Monte Carlo Simulation

Apply these in hedging interest
rate and FX risks using swaps,
swaptions, and forward
contracts.

» Python Engine for Monte
Carlo VaR & ES

» FRTB Capital Charge
Simulator

= Exposure Engine for SA-CCR
and IMM

Counterparty Credit Risk (CCR)-

Master modelling of Expected
Exposure (EE) and Potential
Future Exposure (PFE) for
portfolios across IR, FX, and
Equity derivatives. Learn:

Netting, Collateral, CVA/DVA,
XVA Adjustments

» SA-CCR & IMM Capital
Charges

= BA-CVA & SA-CVA under
Basel Regulations

Model Validation for Risk
Governance-

Perform rigorous validation with:

= Backtesting, PIT Testing,
Kupiec & Christofferson Tests

= Conditional & Unconditional
Coverage Testing

= Excel toolkits for FRTB and
CVA models

» CVA Capital Toolkit for
BA-CVA & SA-CVA

» Derivative Pricing &
Sensitivity Engines

= End-to-End Validation Suite
for Risk Models
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Data Preparation
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CLASSIFICATION MASTER PIPELINE
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Peaks2Tails
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Peaks2Tails

Asset Liability Management (ALM)

100+ Hours | Excel + Python | ICAAP | ILAAP | IRRBB Mastery

Managing a bank’s balance sheet isn't just a regulatory requirement—it's a
strategic advantage. At Peaks2Tails, our ALM curriculum empowers Treasury, Risk,
and Regulatory professionals to lead with precision, compliance, and
forward-looking insight.

Core ALM Foundations -
Develop hands-on expertise in:

» Structural Liquidity
StqtementchSLS)

» LCR & NSFR Computation
= |IRRBB - NIl & EVE Calculations
- Fund Transfer Pricing (FTP)

All modules are supported by
real-world Excel models.

Derivative Hedging Techniques-

Learn to hedge IRRBB and FX
exposures using:

= Linear & Non-linear
Derivatives

» Valuation Adjustments &
Impact Analysis

Interest Rate & Liquidity Risk
Mastery-

Understand and model:
» Traditional Gap Analysis
= Duration & EVE Calculations

» Repricing, Basis, and Yield
Curve Risks

» Credit Spread Risk in the
Banking Book

Performance & Profitability
Analytics-

Integrate ALM with performance
management using:

= RAROC frameworks

= FTP methods (Single Pool,
Double Pool, Matched
Maturity)

» FTP impact across product
lines

11



Behavioural Modelling of Retail
Products -

Model dynamic balance sheet
behavior with:

» Prepayment & Default Models
using Cox, Logistic, and Linear
Regression

= Credit Card Behavior:
Revolvers, Transactors,
Utilisation Trends

» Fixed Deposit Renewals &
Redemptions

» NMD Modelling: Decay
Analysis, Jarrow-Van
Deventer Survival Models

» Automatic Option Valuation
for Callable Products

Regulatory Integration: ICAAP &
ILAAP-

Build dynamic, scenario-based
capital and liquidity
management frameworks:

= Pillar 1 RWA and Pillar 2 Risk
Simulation

» Stress Testing & Scenario
Design

» Management Action Plans &
Dynamic Balance Sheet
Modelling

Peaks2Tails

Live Simulation Workshops-

Engage in experiential learning
through:

» CLEAR OPS: ICAAP | ILAAP |
IRRBB Integration

= Economic Capital Modelling
& Strategy

= ProBanker ALM Simulation
Game

» Liability-Driven Investment
(LDI) Scenarios

100+ hrs | Excel +
Python

Model ICAAP, IRRBB,
LCR/NSFR, and
behavioral risk to

manage the banking
book.
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Risk and Al (RAI)

155+ Hours | Excel + Python | The Fusion of Regulation, Risk &

Intelligence

Artificial Intelligence is redefining risk—but only if it's responsible, explainable, and
grounded in domain knowledge. Peaks2Tails delivers an advanced, holistic
program that combines machine learning, mathematics, model governance, and
regulatory use cases to prepare the next-gen Quant-Risk-Al leader.

o Foundations of Al in Risk -

Start with the building blocks of
machine intelligence applied to
financial risk:

» Supervised, Unsupervised,
Semi-supervised &
Reinforcement Learning

= Model Estimation &
Performance Evaluation

» Text Mining, NLP & Generative
Al (GenAl)

» Fairness, Ethics & Responsible
Al

= Al Model Governance &
Regulation

Real-World Risk-Al Use Cases-

Apply Al models to solve real
financial challenges:

PCA-based VaR for Fixed
Income

Macroeconomic Forecasting
using kNN

Derivative Pricing via Deep
Learning

Loan Default Prediction

Anomaly Detection in
Payment Systems

Sentiment Analysis for
Market Volatility

LLMs for Regulatory
Interpretation & Bias
Detection

PnL & VaR Forecasting,
Liquidity Risk Modelling

13



° Quantitative & Math
Foundations -

Master the mathematics that
power Al:

Multivariable Calculus,
Optimization, Vector & Matrix
Algebra

Python-based Linear Algebra
using NumPy & SciPy

Applied Differentiation,
Integration & 3D Geometry
for Risk Modelling

Math Primer (Functions,
Calculus, Linear Algebra)

Python Applications of
Algorithms

Peaks2Tails

Live Workshops & Labs-

Participate in live labs on:

Prompt Engineering
GenAl in Regulatory Use

Text & Modern Learning
Techniques

Bias Detection and
Explainability for Al Models

Intensive Q&A + Problem
Solving through self-paced &
live support

As regulators and institutions demand explainable, auditable Al, the RAI program
positions you at the intersection of ethics, efficacy, and execution—a rare skillset
in today’s risk landscape.

It bridges the gap between data science and domain knowledge, enabling

responsible innovation in financial services.

From fraud detection to regulatory interpretation, RAl empowers professionals to
deploy Al where it matters most.
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PROBABILITY DISTRIBUTION
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Joint Distributions

Discrete bivariate Case
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LINEAR DISCRIMINANT ANALYSIS

y Covariance Matrices Means Projected Means
| 0 fal Epcoied Lo pl o wo-ul uo i’
Glass 0 ~ N (ptg. Z) 12.30 144 1657 0073 2887  -1.37 2737 246 277 5072 3712
Class 1~ N (py.E1) 144 2376 0073333 1865 -137 4241 4420 3077 1343
Analytical Solution gives the direction of w as C 43924
o 011099 03274
X L u v w % " Waro-u) 535036 ™ osa4s
i
2
2 2 . 02 * —
= 0" = pd = X = .
B . o G LS (0" = 1) 184.93 2] 70.85
5
i o x y S uitnin = w'zw = 40.1098
2
7 wo St 0 o Maximize —_bsvesn -
B © End 68573 41203 “Zwr:hm
9 w start 0 o
10 End 08572 0515
e 50 The Analytical result can be derived using Excel Solver as well
12 w 0.1393 - 03274 Projected Means
1 '“ 040207 09449
1 Ho' ut
= a
16 0 botwoon = Wwo -ury = 184.93 5072 3712
= P
18 z 0% wthin = w'aw = 401098
E
5 4 2
19 . Masimize ";L =
0 3 0\ithin
& ¢
oo w0 » e M @
n
= wl=Aze
u
25 Class Default (y = 1) Class Ne befaulr (y = 0) Projection of Class 1 on w Projection of Class 0 on w
i
a1 N 246 3077 M 2737 4420 u 3693 n 4622
128 o 4071 432 o 351 487 o 415 o 375
i) # x1 x2 # x1 x2 # wl x1' x2 # wo x1' x2!' w density (y=1) density (y=0)
1 21 32 1 26 46 1 34482 29557 17799 1 45978 39411 23.68 o 5.6339E-19  L1I16E-34
2 25 27 2 24 49 2 35335 30288 18.199 2 45809 39266 23593 2 3.6B69E-17  6.916E-32
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Peaks2Tails

CORPORATE TRAINING PROGRAMS

Tailored Learning. Transformative Result

At Peaks2Tails, we go beyond individual upskilling. Our Corporate Training solutions
are designed for banks, NBFCs, fintechs, and consulting firms looking to elevate
team capabilities in Risk Modelling, Quant Analytics, and Regulatory Compliance.

Whether you're building foundational knowledge or deep technical expertise, we
customize our industry-proven training modules—used by thousands of
professionals—for your team’s goals, tools, and data. Delivered by practitioners.
Backed by real-world case studies. Aligned with business impact.
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Peaks2Tails

SOLUTIONING THAT WORKS WHERE IT
MATTERS

We transform our training expertise into powerful, ready-to-deploy solutions
tailored for banks, NBFCs, and fintechs.

» Custom-built solutions based on the same models, techniques, and regulatory
frameworks we teach

* Modular & scalable designs—whether you're a small NBFC or a full-service
bank

* Rapid implementation with complete documentation, governance packs, and
model audit trails

« Seamless integration with your existing data architecture and reporting
infrastructure

« End-to-end ownership—from requirements to deployment, with
post-implementation support

» Trusted by leading institutions across Credit Risk, ALM, ICAAP, ECL, and Model
Validation

CLEAR OPS

Integrated tool for ICAAP, ILAAP & IRRBB Modelling

CLEAR OPS Balance Sheet Projection

Jun-24 Sep-24 Dec-24 Mar-25 Jun-25 Sep-25 Dec-25 Mar-26 Jun-26 Sep-26 Dec-26

X
— ~
s
74753 74753
[r—
,,,,,
w
in
e
|
ames
L

Advances Off Balance Sheet Assets
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Peaks2Tails

RISK RAINBOW

Visual framework to define Risk Appetite, Tolerance & Capacity

Risk Appetite Risk Tolerance Risk Tolerance Risk Capacity
| (Normal Times) (Normal Times) (Stressed Times) (Normal Times)
Strategic Decisions
esired Rat A BBB BBB-
25.00% 22.34% 17.35% 15.00%
15.00% 15.00% 10.50% 1 0%
17.00% 23.16% 5.00% 5.00%
Solvency Value Drivers
werall CRAR 5 20.00% 18.00% 17.00% 11.50%
19.00% 17.00% 16.00% 8.00%
v verage Ral PCR 92.00% 92.00% 92.00% 92.00%
erage Ral 17.40% 16.50% 16.50% 3.00%
Profitability Value Drivers
RAROX 20.00% 20.00% 14.00% 13.00%
Value Drivers
NSFR 110.00% 110.00% 100.00% 100.00%
120.00% 120.00% 100.00% 100.00%
Conduct Risk Value Drivers
Conduct Risk Residual Ra Low Risk Low Risk Low Risk Low Risk

CREDIT SPARK

Comprehensive Loan Pricing engine for dynamic lending strategies

Auto Loan 00.000.00 1256700 23/01/2017 % 180
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Peaks2Tails

ECL SPARK

Full-suite IFRS 9/CECL solution for ECL Model Development, Validation & Audit

7

Prob [ Shifted u uL Prob. Prob.
CRRS  098%  oM% 0 8222081 -23M626 0.98%  O5T%
CRRE 0.T5% LTZ%  0.56% -2IME26 2114611 OT3% 058%
CRR7  099% LTI L7TI%  -Z1L4611 -LIMIES 099N 080
CRR& asa% T.I% LTI% L9438 -LASTOSS AN 416%
CRRS  JASTH 2217%  T.5% LASTOGS -O.76H124 JAETH  15.75%
CRR4  3527% T7.39% 2210W OTSMM 07319 352TH 603N
CRRI  2210% 994%% T7.3%% 07319 2572518 22.00%  17.69%
CRRZ  050% 99.99%  99.49% L5TXISIE BA26TI6  0.50% oy
CRR1 0.01%  100.00% 99.9%% 1MI6TI6 B220622 0.01%  000%
coms oWy ome s oama

~

MENTOS & CHAMPS

Mentoring-led capability building for risk, quants & model functions

i
Infiniti nd

Testing Set ( After Encoding type and manufact ) Jaguar

10 14.489 17.527  36.125 0 389 28 193 1114 709 188 3472 185 25 BMW BMW

18 25.24825 11185 18.225 0 nm 3 200 107.4 70.3 1948 377 18 22 Cadillac Cadillac

20 45.0026 145519 925 0 1326 22 15 104.1 67.9 1809 2676 143 27 Chevrolet  Chevrolet

29 2563866667 7.854 1236 0 19.84 25 163 103.7 69.7 1909 2967 159 24 Chrysler Chrysler

30 2563866667  32.775 14.18 0 24495 25 168 106 69.2 193 3332 16 24 Chryser Chrysler

35 2563866667  30.696 20,1045 ] 29.185 35 253 13 744 1978 3567 17 23 Chrysler Chrysler

43 75.29883333 31038 13425 1 18575 39 175 122.2 788 2085 4208 32 16 Dedge Dodge

A4 7529883333  111.313 11.26 1 1698 25 120 13 715 215 3557 22 19 Dodge Dodge

52 2038238571 63403 4.1 0 22195 46 200 147 782 212 3908 19 21 Ford Ford

53 203.8238571  276.747 16.64 1 3193 4 210 16 70.2 1907 3876 21 19 Ford Ford

56 203.8238571 22065 7.85 1 1205 25 19 1175 69.4 2007 3086 20 23 Ford Ford

64 35317 66,692 7.825 0 1,799 2 140 100.4 669 174 2626 145 27 Hyundai  Hyundai

66 2097 23713 1969 0 29465 3 227 1083 702 1937 3342 185 25 Infiniti Others

69 55.557 80556 13.775 1 2162 4 190 101.4 69.4 167.5 3194 20 20 Jeep Jeep

78 18.3615 48911 21725 ] 4333 46 215 12.7 78.2 2153 4321 19 21 Lincoln Lincoln

K 20 1505633333 26232 8325 0 13987 1.8 13 984 66.5 1736 225 132 30 Mitsubishi  Mitsubishi /
82 1505633333 55616 10.595 0 17.357 24 145 103.7 68.5 1878 2945 163 25 Mitsubishi _ Mitsubishi
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Peaks2Tails

MENTORING THAT BUILDS IN-HOUSE
CAPABILITY

We don't just deliver solutions—we stay with you to ensure success.

Ongoing mentoring across model development, validation, and review
Practical, project-based learning with your own data

Continuous support through implementation and regulatory audits
Enables your teams to transition from dependency to independence
Built on the same high-impact curriculum we teach professionals

MOTIVATION ADVICE

S

8

TRAINING}/

COACHING

One partner. Training, Solutioning, and Mentoring—all under one roof.
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Peaks2Tails

OUR GLOBAL CLIENT REACH

We have delivered high-impact training, advisory, and mentorship to a wide
spectrum of organizations, including:

© Leading private and public sector banks
e Regulatory bodies and credit bureaus

© Global consulting firms and fintech innovators

Whether it's building retail scorecards, designing ICAAP frameworks, or deploying
advanced machine learning in credit risk, our engagements go beyond
instruction—toward real transformation.




Peaks2Tails

5000+ PROFESSIONALS

Trained Across the Risk & Finance Spectrum

From early-career analysts to senior risk officers, Peaks2Tails has trained over
5000 professionals across Asia in areas such as credit risk modelling, IFRS 9,
quantitative analytics, Python, and Al in finance. Our participants come from
leading banks, fintechs, consulting firms, and regulatory bodies—equipped with
skills that are immediately applicable and future-ready.

WHERE OUR ALUMNI WORK

Top Banks. Global Consultancies. Leading Fintechs.

{1 HDFC BANK

ﬂ ICICI Bank

OliverWyman
Q s%ancglar%

chartere
N

BARCLAYS

CIBIL

Part of TransUnion

Morgan Stanley

U Union Bank

of India

Mooby’s
ACanara Bank
Q carbon

gneo}bonk

JPMorganChase

Deutsche Bank /

18] punjab national bank
o

X HsBe
KPMG

citibank

EY

oldman
achs

BNP PARIBAS

OSBI
BDBS

pwec
CREDIT SUISSE W

Deloitte

/‘AXIS BANK

WELLS
FARGO
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YOUR RISK
TRANSFORMATION
PARTNER

Peaks2Tails is more

than a training ® +9198749 61626
provider—we’re your @& peaks2tails.com

partner in building © vivek@peaks2tails.com
future-ready risk
capabilities.




